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PROBLEM STATEMENT
2

• The current hybrid model's performance in financial sentiment analysis can be improved by 

adding additional features extracted from social media posts.

• Incorporate a new set of features extracted from the sentiment analysis of financial social 
media posts from Pulse using RuBert and FInancial Sentiment analysis network with 
Hierarchical Query-driven Attention (FISHQA).

GOAL



MODELS COMPARED

● RuBERT: A pre-trained transformer model fine-tuned for Russian sentiment classification 

tasks.

● FISHQA (Financial Sentiment Analysis with Hierarchical Query-Driven Attention) [2]: This 

model is designed for interpretable document-level sentiment analysis.



FISHQA architecture



● DATASET: RuNews scored 
● Built a dataset from Pulse publications by 

extracting and labeling financial sentiment
● 308 000 samples in general

DATASET



SUMMARIZATION 
ATTEMPT

● Tried summarization of texts using when len(text) > 500 → TOO SLOW

● Use ±2 sentences around main ticker → TOO SLOW

● Didn’t improve clarity

● So instead considered windows of words around main ticker

● Main tickers: SBER, LKOH, MTSS, GMKN, AFLT, MOEX



MODELS COMPARED
● RUBERT-BASE-CASED-SENTIMENT

● RUBERT-TINY2-RUSSIAN-FINANCIAL-SENTIMENT

● RUBERT-BASE-CASED-SENTENCE (Regression, then chose threshold for 3 classes)

● FISHQA



● Up to 15 epoches

● Best results at 4 epoches

FINE-TUNING RESULTS (Only first 2 models)



● Up to 5 epoches 

FINE-TUNING RESULTS

● RUBERT-BASE-CASED-SENTENCE ● FISHQA



CONCLUSION

● The validation shows that fine-tuned Rubert-base-cased-Sentence performs better

● FISHQA performance may improve by a better set of queries

● Since the metrics of Rubert are better, we infer that the performance of the hybrid 

model will improve as well
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